Pak.j.stat.oper.res. Vol.16 No.3 2020 pp 609-616 DOLI: http://dx.doi.org/10.18187 /pjsor.v16i3.3288

Pakistan Journal of Statistics and Gperation Research

Characterizations of Three (2020)
Introduced Discrete Distributions

G.G. Hamedani!, Shirin Nezampour?*

*Corresponding author

1. Department of Mathematical and Statistical Sciences, Marquette University, Milwaukee,
WI 53201-1881, USA, g.hamedani@mu.edu

2. Department of Mathematical and Statistical Sciences, Marquette University, Milwaukee,
WI 53201-1881, USA, shirin.nezampour@mu.edu

Abstract

The problem of characterizing a probability distribution is an important problem which has attracted the
attention of many researchers in the recent years. To understand the behavior of the data obtained through
a given process, we need to be able to describe this behavior via its approximate probability law. This,
however, requires to establish conditions which govern the required probability law. In other words we
need to have certain conditions under which we may be able to recover the probability law of the data.
So, characterization of a distribution plays an important role in applied sciences, where an investigator is
vitally interested to find out if their model follows the selected distribution. In this short note, certain
characterizations of three recently introduced discrete distributions are presented to complete, in some way,
the works of Hussain(2020), Eliwa et al.(2020) and Hassan et al.(2020).
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1. Introdution

To understand the behavior of the data obtained through a given process, we need to be able to describe
this behavior via its approximate probability law. This, however, requires to establish conditions which
govern the required probability law. In other words we need to have certain conditions under which we
may be able to recover the probability law of the data. So, characterization of a distribution is important
in applied sciences, where an investigator is vitally interested to find out if their model follows the selected
distribution. Therefore, the investigator relies on conditions under which their model would follow a specified
distribution. A probability distribution can be characterized in different directions one of which is based on
the truncated (or conditional) moments. This type of characterization initiated by Galambos and Kotz(1978)
and followed by other authors such as Kotz and Shanbhag(1980), Glinzel et al.(1984), Glanzel (1987), Glanzel
and Hamedani(2001) and Kim and Jeon(2013), to name a few. For example, Kim and Jeon(2013) proposed
a credibility theory based on the truncation of the loss data to estimate conditional mean loss for a given
risk function. It should also be mentioned that characterization results are mathematically challenging
and elegant. Hussain(2020) introduced a new discrete probability model called Zero Truncated Discrete
Lindley (ZTDL) distribution, Eliwa et al.(2020) proposed a discrete version of the Gompertz-G distribution
called Discrete Gompertz-G (DG.-G) distribution and Hassan et al.(2020) introduced a new flexible discrete
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distribution called Poisson Aliamujia (PA) distribution. We intend to present certain characterizations of
these distributions to complete, in some way, the works mentioned above. These characterizations presented
below are based on (i) the conditional expectation of certain function of the random variable and (i) the
hazard function.

The cumulative distribution function (cdf), F' (x), the corresponding probability mass function (pmf), f (x),
and the hazard function, hp (), of each of the distributions ZTDL, DG,-G and PA are given, respectively,
by
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where o > 0 is a parameter.

Remarks 1. (a) The cdf (and consequently the hazard function) given by Hussain(2020) was incorrect.
The corrected versions are given in (1) (and (3)) above. (b) The hazard functions (3), (6) and (9) have been
rewritten for the sake of the simplicity of the related computations.

2. Characterization results
We present our characterizations (i) and (¢4) in the following two sub-sections.
2.1. Characterization based on the conditional expectation of a function of the random vari-

able

In this sub-section, we use the fact that the hazard function uniquely determines the distribution of a random
variable (see Nair et al.(2018)).

Proposition 2.1.1. Let X : Q — N (N is the set of all positive integers) be a random variable and let
e(X)=0+ BX)"!. The pmf of X is (2) if and only if the conditional expectation of ¢ (X) given X > k,
is of the form
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Proof. If X has pmf (2), then the left-hand side of (10) will be
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Conversely, if (10) holds, then

oo

S {la+s07] r@}

x=k+1
o (1-p)
== FO T s+ 8

=[1-F(k+1)+ f(k+1)]

(1-p)
(1—p)(1+8k)+ 5’

using the fact that F (k) =P(X <k)=P(X <k+1)-PX=k+1)=F(k+1)— f(k+1).

From (11), we also have
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Now, subtracting (12) from (11), we arrive at
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From the last equality, after some algebric calculations, we obtain

hp (k1) = fk+1)  (-p) (1-p)pB

1-F(k+1) p p((1—p) (1 +B(k+1)+5)

which, in view of (3), implies that X has pmf (2).

Proposition 2.1.2. Let X : O — N* (N* = NU {0}) be a random variable and let ¢ (X) = p%(é(x;w))‘c +
1

pe (GX+19)) ™" The pmf of X is (5) if and only if the conditional expectation of ¢ (X) given X > k, is of
the form

E{[p%(ax;w))*c +p§(6(x+1;w))’°‘] X > k} — pe(GU+L)) ™" o N* (13)

Proof. If X has pmf (5), then the left-hand side of (13) will be
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Conversely, if (13) holds, then
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From (14), we also have
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Characterizations of Three (2020) Introduced Discrete Distributions 612



Pak.j.stat.oper.res. Vol.16 No.3 2020 pp 609-616 DOI: http://dx.doi.org/10.18187/pjsor.v16i3.3288

Now, subtracting (15) from (14), we arrive at

1
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which, in view of (6), implies that X has pmf (5).

Proposition 2.1.3. Let X : Q@ — N* (N* = NU {0}) be a random variable and let ¢ (X) = (11':2;)2. The

pmf of X is (8) if and only if the conditional expectation of ¢ (X) given X > k, is of the form
E {

Proof. If X has pmf (8), then the left-hand side of (16) will be
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Conversely, if (16) holds, then
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From (17), we also have
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Now, subtracting (18) from (17), we arrive at
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which, in view of (9), implies that X has pmf (8).

2.2. Characterizations based on hazard function

Proposition 2.2.1. Let X :  — N be a random variable. The pmf of X is (2) if and only if its hazard
rate function satisfies the difference equation

_(-pp 1 B 1
he (k1) =hr (k) = = <(1—p)<1+6k)+/3 (l—p)<1+6(k+1))+6>’ Fel,  {9)

with the initial condition hp (1) = - (=B 0L

Proof. If X has pmf (2), then clearly (19) holds. Now, if (19) holds, then for every « € N, we have

r—1
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In view of the fact that hp (1) = %, from the last equation we have

(1-p) (1-p)p
P p((L=p)(1+Bz)+B)’

hp(x) = z €N,

which, in view of (3), implies that X has pmf (2).

Proposition 2.2.2. Let X : Q — N* be a random variable. The pmf of X is (5) if and only if its hazard
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rate function satisfies the difference equation
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Proof. If X has pmf (5), then clearly (20) holds. Now, if (20) holds, then for every « € N, we have
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c( ( ’w)) ‘
he (x) = f

e b z € N*,
(Gt

which, in view of (6), implies that X has pmf (5).
Proposition 2.2.3. Let X : Q — N* be a random variable. The pmf of X is (8) if and only if its hazard
rate function satisfies the difference equation

1 1
2+ 1 - * 21
fu (k +1) = b (k) = 20 (20 + )<4a+2ak+1 4a+2a(k+1)+1>’ kel (21)

with the initial condition fp (0) = 7227

Proof. If X has pmf (8), then clearly (21) holds. Now, if (21) holds, then for every « € N, we have
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In view of the fact that hp (0) = 22— ‘7, from the last equation we have
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which, in view of (9), implies that X has pmf (8).

Characterizations of Three (2020) Introduced Discrete Distributions

615



Pak.j.stat.oper.res. Vol.16 No.3 2020 pp 609-616 DOI: http://dx.doi.org/10.18187/pjsor.v16i3.3288

Acknowledgements

The authors are grateful to two anonymous reviewers whose comments and suggestions greatly improved the
content of this work. A special thank goes to one of the reviewer who called our attention to an important
reference.

References

1. Eliwa, M. S., Alhussain, Z. A., and El-Morshedy, M. (2020). Discrete Gompertz-G family of distribu-
tions for over-and under-dispersed data with properties, estimation, and applications. Mathematics,
8:1-26.

2. Galambos, J. and Kotz, S. (1978). Characterizations of probability distributions: A wunified ap-
proach with an emphasis on exponential and related Models, Lecture Notes in Mathematics, Vol.
675. Springer, Berlin.

3. Glénzel, W. (1987). A characterization theorem based on truncated moments and its application to
some distribution families. Mathematical Statistics and Probability Theory, B:75-84.

4. Glénzel, W. and Hamedani, G. G. (2001). Characterizations of the univariate continuous distributions.
Studia Scientiarum Mathematicarum Hungarica, 37(1-2):83-118.

5. Glanzel, W., Teles, A., and Schubert, A. (1984). Characterization by truncated moments and its

application to Pearson-type distributions. Zeitschrift fir Wahrscheinlichkeitstheorie und verwandte
Gebiete, 66(2):173-182.

6. Hassan, A., Shalbaf, G. A., Bilal, S., and Rashid, A. (2020). A new flexible discrete distribution with
applications to count data. Journal of Statistical Theory and Applications.

7. Hussain, T. (2020). A zero truncated discrete distribution: Theory and applications to count data.
Pakistan Journal of Statistics and Operation Research, 16:167—190.

8. Kim, J. H. and Jeon, Y. (2013). Credibility theory based on trimming. Insurance: Mathematics and
Economics, 53(1):36-47.

9. Kotz, S. and Shanbhag, D. N. (1980). Some new approaches to probability distributions. Advances

in Applied Probability, 12(4):903-921.
10. Nair, N. U., Sankaran, P. G., and Balakrishnan, N. (2018). Reliability modelling and analysis in
discrete time. Academic Press.

Characterizations of Three (2020) Introduced Discrete Distributions 616



	1 Introdution
	2 Characterization results
	2.1 Characterization based on the conditional expectation of a function of the random variable
	2.2 Characterizations based on hazard function


